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Abstract. We derive globally reliable a posteriori error estimators for a linear—quadratic optimal
control problem involving the generalized Oseen equations as state equations; control constraints are
also considered. The corresponding local error indicators are locally efficient. The assumptions under
which we perform the analysis are such that they can be satisfied for a wide variety of stabilized
finite element methods as well as for standard finite element methods. When stabilized methods are
considered, no a priori relation between the stabilization terms for the state and adjoint equations is
required. If a lower bound for the inf-sup constant is available, a posteriori error estimators that are
fully computable and provide guaranteed upper bounds on the norm of the error can be obtained.
We illustrate the theory with numerical examples.
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1. Introduction. In this work we shall be interested in the design and analy-
sis of computable a posteriori error estimators for a linear—quadratic optimal control
problem involving the generalized Oseen equations; control constraints are also con-
sidered. To make matters precise, let @ C R? with d € {2,3}, be an open and
bounded polytopal domain with Lipschitz boundary 9Q and f € L?(2)¢. Given a
regularization parameter ¥ > 0 and a desired state y, € L2(Q)¢, we define

1 9
(1.1) J(y:u) = 51y = Yol iz + 5 llulliz )

2
We will be interested in the following PDE—constrained optimization problem: Find
(1.2) min J(y, u)

subject to the generalized Oseen equations

—eAy+(c-V)y+xky+Vp = f+u inQ,
(1.3) Vy = 0 in Q,
y = 0 on 0f2,
and the control constraints
(1.4) a<u<b ae. in ,

with a,b € R? satisfying a < b; the previous vector inequalities being understood
componentwise. In (1.3), €, x € R and are such that e > 0 and k > 0 and ¢ € W1>°(Q)
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is a solenoidal field. The generalized Oseen equations describe the low—Reynolds—
number flow in porous media in situations where velocity gradients are non—negligible;
they provide a unified approach to model flows of viscous fluids in a cavity and a porous
media. It is well-known that the following choices of the parameters c and x yield
the following flow models:

c=0,k=0 :—eAy+ Vp (Stokes),
(1.5) c=0 : —eAy + ky + Vp (Brinkman),
k=0 :—eAy+(c-V)y+ Vp (Oseen).

Our analysis allows for these choices of ¢ and k. Consequently, we present a unified
analysis for the Stokes, Brinkman, Oseen and generalized Oseen equations.

The design of numerical techniques for approximating the solution to (1.3) has
two major difficulties: first, in view of the so—called inf-sup condition [23, 24], arbi-
trary finite element methods are not allowed, and second, considering standard finite
element methods produces poor approximation results when convection—dominated
regimes are considered [38]. In order to overcome such difficulties, a variety of finite
element techniques have been proposed and analyzed in the literature: the family of
stabilized finite element methods. We refer the reader to [38] for an extensive overview.

In the PDE—constrained optimization context, a usual alternative for approximat-
ing the solution to the optimal control problem (1.2)—(1.4) is based on the so-called
optimize—then—discretize approach. This technique discretizes the associated optimal-
ity system: the state equations (1.3), the adjoint equations and a variational inequality
that characterizes the optimal control u. Consequently, the difficulties presented in
the discretization of (1.3) are also present in the numerical approximation of the so-
lution to (1.2)—(1.4). In addition, (1.2)—(1.4) is intrinsically nonlinear and, if ¢ # 0,
presents a crosswind phenomena; the convection field of the adjoint equations is the
negative of the one appearing in (1.3). The latter further motives the development of
an efficient solution technique that, in convection—-dominated regimes, properly treats
the oscillatory behaviors that occur when approximating y and its adjoint variable
w and resolves interior or boundary layers exhibited by both variables. Failure to
resolve boundary layers can pollute the numerical solution in the entire domain; see
[25] for results involving the scalar version of (1.2)—(1.4). However, numerical schemes
based only on stabilized techniques are not sufficient to approximate the solution to
(1.2)—(1.4): in addition to the efficient resolution of either interior or boundary layers,
some possible geometric singularities must be resolved. This motivates the methods
that we will use in this work: stabilized adaptive finite element methods.

Adaptive finite element methods (AFEMSs) are iterative methods that improve the
quality of the finite element approximation to a partial differential equation (PDE)
on the basis of an essential ingredient: an a posteriori error estimator. The a poste-
riori error analysis for standard finite element approximations of linear second—order
elliptic boundary value problems has a solid foundation [3, 36, 46]. When stabilized
approximations are considered, several estimators have been introduced and analyzed
in the literature; see, for instance, [1, 5, 9, 43, 47]. However, the a posteriori error
analysis for finite element approximations of constrained optimal control problems has
not been fully developed. In view of their inherent nonlinear feature, which appears
due to the control constraints, the analysis involves more arguments and technicali-
ties. An attempt to unify the available results has been carried out recently in [28]
where the authors derive an important relationship between the error in optimal con-
trol problems and estimators, that satisfy a set of suitable assumptions, for problems
associated with the state and adjoint equations [28, Theorem 3.2].
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In the current work, the assumptions under which we perform the analysis are such
that they can be satisfied for a wide variety of stabilized finite element methods as well
as for standard finite element methods. This includes using a different stabilization
method to approximate the state equation from that used to approximate the adjoint
equation. We derive a posteriori error estimators that are globally reliable. Moreover,
if a lower bound for the inf-sup constant is available, we can obtain a posteriori error
estimators that are fully computable and provide guaranteed upper bounds on the
norm of the error. Consequently, the estimators can be used as a stopping criterion
in adaptive algorithms. The local error indicators that can be used to adaptively
refine the mesh are locally efficient. Furthermore, we observe that they can be used
to efficiently resolve boundary layers.

The outline of this paper is as follows. In section 2 we introduce some terminology
used throughout this work. In section 3 we study the optimal control problem (1.2)—
(1.4) and obtain the associated optimality system. In section 4 we give the general
form of the finite element methods that we consider for approximating the solution to
(1.2)—(1.4). The core of our work is section 5, where we devise a family of a posteriori
error estimators. Under suitable assumptions, we obtain abstract reliability results in
section 5.1 and local efficiency of the corresponding error indicators in section 5.2. In
section 6 we consider the estimators that we can obtain for a particular approximation
method in more detail. Finally, in section 7 we present a series of numerical examples
to illustrate the theory.

2. Preliminaries.

2.1. Notation. For a bounded domain A C R?, t € {1,2,3}, L?*(A) and H'(A)
denote the standard Lebesgue and Sobolev spaces, respectively; LZ(A) is the subspace
of L?(A) containing functions with zero mean value on A, and H}(A) is the subspace
of H'(A) containing functions whose trace is zero on 9A. We use bold letters to
denote the vector-valued counterparts of the aforementioned spaces and an extra
under accent for their matrix—valued counterparts. For instance, for d € {2,3}, we
denote L2(A) = L?(A)? and 92(14) = L2(A)?xd,

We now proceed to define notation associated with the discretization of the do-
main. Let = {K} be a conforming partition of Q) into simplicial elements K
[18, 23]. We assume that < is a member of a shape regular family of partitions. Let
F denote the set of all element edges(2D)/faces(3D) and F; C F denote the set of
interior edges(2D)/faces(3D).

For an element K € .7, let:

e P, (K) denote the space of polynomials on K of total degree at most n;

e Fx C F denote the set containing the individual edges(2D)/faces(3D) of K;

e hy denote the diameter of K;

e nlf denote the unit exterior normal vector to the edge(2D)/face(3D) v € Fi.
For an edge(2D)/face(3D) v € F, let:

e P, (v) denote the space of polynomials on v of total degree at most n;

e O, ={KeJ: vyeFx};

e h. denote the diameter of the edge(2D)/face(3D) ~.

To simplify the exposition of the material, we define V = H(Q2) and Q = L2(Q)
with norms || - Iy, o and || - || o defined, for all £ € V and ¢ € @, by

(2.1) lélv o = > 1€y x and 16llg.q = D Idlg.x

Keo Keo
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where
(22) el = eIVEN ey + €1 ey and 160 1 = 19120

The relation a < b indicates that there exists a constant C' such that a < Cb.
The constant C' may be different at each occurrence but is independent of a, b and
the size of the elements in the mesh.

2.2. Inequalities. For K € . and nonnegative integers [, we denote by Il ;
the LQ(K)forthogonal projection operator onto P;(K)?. This operator is defined as

(2.3) Mg, : L*(K) — Py (K)4, (b= Tg(t), V) po ey = 0 Vv € By(K)”.

Throughout the manuscript we will frequently make use of the following inequal-
ities. First, if K € .7 and € € V, we have the Poincaré inequalities [10, 33, 37]

hi
(2.4) €l L2y < CP,QHVéﬂg(Q) and [|€ — g 0(§)l L2 (k) < 7HV€H£2(K)7
where
4 ~1/2
1 1
2.5 Cpa=— —
(25) PO = (; |li|2>
with |l1],...,|lqd| being the sides of a d-dimensional box containing 2. We immediately

comment that these inequalities imply that, for £ € V and K € 7,

(2.6) €l L2@) < Callélly o and [|€ — Mk0(€)llL2(x) < Cxlléllv
where
ra if k=0,
27) CQ:{ min{c\%’,ﬁ}, if Kk #£0,
and
Dre if k=0,
(2.8) CK_{min{:—Ks,%}, it 5 0.

We define 4: VXV SR B:Vx@Q—-RandC:V xV — R by

A€, €) =¢e(VE, VC)QQ(Q) + (k€ + (c- V)&, C)L2(a),
(2.9) B(, ) == (¢, V- C)r2(e)s
C(§,¢) = E(VEaVC)y(Q) + (k€ — (- V)&, Q)2 ()

The fact that c is a solenoidal vector field and integration by parts implies that

(2.10) A(€,¢) =C((.§) V€, CeV.

Moreover, for all £ € V,

(2.11) A€, ) =C(£,€) = €15 o
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and, for all £, € 'V,
(2.12) A(E,€) < Caelélly allClly q C(&,¢) < Cutllélly olISllv

where

Co

(2.13) Ca=1+ \/EH|C|||L°°(Q)7

with ||[c[|| Lo (q) being the L>°(2) norm of |c| and Cq being given by (2.7).
We now recall the standard inf-sup condition [23, 24]: there exists a positive
constant 8 such that

(2.14) Bloliy < sup o)

—— V¢ € Q.
£cV\{0} ||V$||£,2(Q)

Notice that, in view of |||£|||3,Q <(e+ RCQP)Q)HVSH%%Q), we have that

B(&,
(2.15) Il <G s &9 vseq,
eevio} l€lly o
where
\Je+KCE
(2.16) Cis = T

3. Optimal control problem: optimize. In this section we briefly analyze the
optimal control problem (1.2)—(1.4). To accomplish this task, we begin by introducing
the following weak version of the state equations (1.3): Find (y,p) € V x @ such that

(3 1) A(y,{) - B(Su p) = (f + qu)LZ(Q) v 5 SAS
' B(y,¢) = 0 Ve,

where the bilinear forms A and B are defined by (2.9) and we recall that ¢ > 0, k > 0,
c € WH(Q) is a solenoidal field, f € L2(2), V = H(Q) and Q = L3(Q2). In view of
the fact that A satisfies (2.11) and (2.12) and B satisfies the inf-sup conditions (2.14)
and (2.15), we conclude the well-posedness of problem (3.1) [23, 24]. We also mention
that, due to de Rham’s Theorem (see Section 4.1.3 and Theorem B73 in [23]), we can
consider the following equivalent formulation of problem (3.1): Find y € V| such that

(32) -A(yvg) = (f + uv&)LQ(Q) V£ € Vy,

where Vo :={ve H}(Q): V-v=0}

To analyze our optimal control problem, we follow [30, 44] and introduce the so-
called control to state map S : L? (Q) — V{ which, given a control u, associates to it
the state y that solves (3.2). In addition, we define, for a,b € R? with a < b, the set

(3.3) Uy :={veL*Q): a<v<b ae inQ};

the vector inequalities being understood componentwise. The set U,4 is a bounded,
convex, closed and nonempty subset of L2(Q2) and consequently weakly sequentially
compact. Thus, in view of the fact that the reduced cost functional

1 9
f(u) = §||S(U) - YQHiQ(Q) + 5”““%2(9)
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is weakly lower semicontinuous and strictly convex (9 > 0), we conclude the existence
and uniqueness of an optimal control u and an optimal state y that satisfy (3.2),
or equivalently (3.1); see Theorem 2.14 in [44]. The existence of p such that (y,p)
solves (3.1) follows from de Rham’s Theorem. In addition, we have that u satisfies
the first—order optimality condition

(3.4) f(@)(u—u)>0 VueUyy;

see [44, Lemma 2.21]. To explore this variational inequality, and to obtain optimality
conditions, we define, on the basis of the formal Lagrange method (see [21, Section
3.3] and [44, Section 2.10]), the adjoint state (w,q) as the unique solution to the
following weak problem: Find (w,q) € V x @ such that

(3 5) C(W7 C) + B(Cu CI) (y — Yo C)LQ(Q) V¢ eV,
' B(w,v) = 0 Ve Q.

With this adjoint state at hand, the variational inequality (3.4) can be rewritten as

(36) (V_\I + Ju,u — L_I)Lz(Q) >0 VueUy.

We have thus arrived at the following optimality system: (y,p,u
is optimal for the PDE—constrained optimization problem (1.2)—(

) VXQXUad
1.4) if and only if

Ay, ) —B(&.p) = (fF+u,€)r2q), VEEV,

B(y,¢) = 0, Voeq,
(3.7) C(w,¢) + B(C a = -Yo:Qrx, YCEV,
Bw,y) = 0, Vi eq,

(W + Yo,u — u)Lz(Q) > 0, VuéeUyy;

see also [39, Section 2] and [34, Section 2] for similar results when the state equations
(1.3) are the Stokes equations.

We finally recall the projection formula for the optimal control variable: the
variational inequality in (3.6) can be equivalently written as [44, Chapter 2]

1
(38) u= H[a,b] (—5W> a.e. in Q,
where IIf; ) (¢) () := min {b,max {a,{(x)}} and it is understood componentwise.
We note that
(39) ||H[a,b] (é) - H[a,b] (C)||L2(K) < ”6 - CHL2(K) vév C €V.

4. Finite element discretization. We follow the optimize—then—discretize ap-
proach and introduce a numerical scheme to approximate the solution to (3.7). The
scheme allows for the incorporation of stabilization terms into the standard Galerkin
discretizations of the state and adjoint equations; no a priori relation between the
stabilized terms is required. We refer the reader to Remark 4.1 below for a discussion
regarding the advantages of the proposed approach when solving (1.2)—(1.4).

The stabilized scheme reads as follows: Find (Yo,ps,Wz,qz,0z7) € V(T) x
Q(T) x V(T) x Q(T) x Ugq(7) such that

A 7,8 — B, p7) +S¥ 7. p7.f+uz§) = (F+uz, &),
B(yya¢)+H(99a597f+'~_‘9;¢) = 0
(41) C(Wﬁ, C) + B(CvQﬁ) + Q(W?, 97, 99 —Yas C) = (yﬁ — Yo C)L2(Q)7
Bwgz,V)+KWz,q7,¥7 — Ya;v) 0,
(W9+19ﬁy,u—ﬁy)L2(Q) 0

AV
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for all (&,¢,¢,¥,u) € V() x Q(T) x V(T) x Q(T) x Ugq(7); the bilinear forms
A, B and C being defined as in (2.9). We consider the setting where the discrete spaces
V(7) and Q(.7) are subspaces of V and @, respectively, and the discrete set U,q(.7)
is a subset of Ugq. Hence, V(7) C V, Q(F) C Q and Uyq(7) C Ugq. The terms
S and H, and Q and K in (4.1), correspond to stabilization terms for the state and
adjoint equations, respectively. Finally, we assume that V(7), Q(7), Uu(7), S,
H, Q and K are such that at least one solution to (4.1) exists.

Remark 4.1 (optimize—then—discretize approach). In general, there are two ap-
proaches to approximate the solution to an optimal control problem: the optimize—
then—discretize approach, that discretizes the associated optimality system, and the
discretize—then—optimize approach, that first discretizes the continuous problem and
then optimizes the obtained finite dimensional problem. We must immediately com-
ment that these techniques do not always coincide [16, 19, 26, 29]. For a detailed
discussion on these approaches and their respective advantages and disadvantages,
we refer the reader to [26, Section 3.2] and [15, Chapter 3]. In [19], it was observed
that, when solving an optimal control problem for a convection-reaction—difussion
equation on the basis of the SUPG method, both approaches lead to substantially dif-
ferent results. Later, in [25], the authors continue with the study started in [19] and
show that the failure to resolve boundary layers exhibited by the solution can pollute
the numerical solution in the entire domain. In order to develop our a posteriori error
analysis, we follow the optimize—then—discretize approach. This allows for the simple
formulation (4.1) of the discrete optimality system and the incorporation of stabi-
lization terms into the discrete state and adjoint equations; no a priori relationship
between such stabilization terms is required. We remark that the latter property is
particularly convenient since it allows for the use of the a posteriori error estimators
that are already available in the literature. In contrast, the use of the discretize—then—
optimize approach imposes a relationship between the stabilization terms which could
result in the presence of undesirable stabilization terms in the discrete formulation. If
both terms S and H are symmetric and @ = S and K = H, then the aforementioned
approaches coincide; we refer the reader to [16] for details.

Before proceeding with the analysis of our method, it is instructive to comment
on those advocated in the literature. Regarding the a priori theory, in the absence of
control constraints, the design and analysis of numerical techniques for solving (1.2)—
(1.3), with ¢ = 0 and x = 0, have been investigated in several papers; see [14, 40, 42]
and references therein. To the best of our knowledge, and again, for c = 0 and k = 0,
the first work that incorporates control constraints and analyzes stabilized schemes
for (1.2)—(1.4) is [39]; the optimal control is discretized by using piecewise constant
functions. The authors, on the basis of postprocessing techniques, provide a quadratic
error estimate for the approximation of the optimal control variable [39, Theorem 2.8].
Subsequently, the authors of [34] extend the results of [39] and analyze nonconforming
schemes for the discretization of the state and adjoint equations; in contrast to [39],
the vector field is not assumed to be in H2(2) " W1°°(Q). In addition, [34] analyzes
an anisotropic scheme for approximating the solution to (1.2)—(1.4) when € is not
convex; a domain with a reentrant edge (d = 3) is considered. We conclude this
paragraph by mentioning the reference [22], where the authors investigate numerical
techniques for solving a modification of problem (1.2)—(1.4) that, in addition, includes
constraints on the state variable.

Regarding the a posteriori error analysis, to the best of our knowledge, the first
work to propose an error estimator for (1.2)—(1.4), with ¢ = 0 and x = 0, is [32]. In this
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work, the authors follow the discretize-then—optimize approach and obtain a discrete
optimality system with no stabilization terms [32, equation (2.9)]. They propose an
error estimator in a two—dimensional setting and analyze its reliability properties [32,
Theorem 3.1]. However, there is no efficiency analysis. Later, an asymptotically exact
ZZ—type a posteriori error estimator was proposed in [31]. The authors derive upper
and lower bounds for the error in terms of the proposed estimator [31, Theorem 5.1]
that relies on an error non-degeneracy condition [31, inequality (2.24)] and strong
regularity assumptions on (y,p): it is assumed to belong to H3(2) NV x HY(Q) N Q
[31, Lemma 4.2]. In [20], the authors propose an a posteriori error estimator for (1.2)—
(1.4) but with the state equations (1.3) replaced by a Stokes-Darcy system: they study
the reliability and efficiency properties of the proposed estimator. We also mention
[35], where a similar PDE—constrained optimization problem has been analyzed but
with the control constraint (1.4) replaced by the state constraint ||y||2(q) < 7, where
~ > 0: an error estimator is proposed and its reliability and efficiency properties are
investigated. All the aforementioned references consider plain Galerkin discretizations
for the state and adjoint equations, i.e., no stabilization terms are considered. We
conclude this paragraph by mentioning the so—called dual weighted residual method
(DWR) [13] and its applications to the optimal control of flow problems [11, 12].

Recently, the authors of [28] propose and analyze an a posteriori error estimator
for problem (1.2)—(1.4) when k = 0 [28, Section 5]. The associated discrete opti-
mal system incorporates stabilized terms, into the state and adjoint equations, that
are based on the streamline—diffusion finite element method (SDFEM). On the ba-
sis of proposed and analyzed a posteriori error estimators for the state and adjoint
equations, the authors derive an estimator for (1.2)—(1.4). We comment that the ob-
tained upper bound for the error, in terms of the a posteriori error estimator, is not
computable.

In this work we analyze a family of a posteriori error estimators in a unifying
framework that incorporates a wide variety of standard and stabilized finite element
methods.

5. A posteriori error analysis. In this section we derive and analyze a poste-
riori error estimators for the solution to the discretization (4.1) of the optimal control
problem (3.7).

5.1. Reliability analysis. We begin this section by introducing the following
notation. Letey :=y—y 5, e, ;= p—p7,ew :=W—Wg,eq :=J—qz and e, := u—uz,
(3.7) and (Y7,p7,Wa,Gg,U0z7) € V(T) X Q(T) x V(T) x Q(T) x Upaq(T) is its
numerical approximation given as the solution to (4.1). The goal of this section is to
obtain an upper bound for

2 2
(51) |||(eY7eP7eW7eQ7eU)”|Q = Z |||(eY7eP7eWae(15eu)|”K
Keo
where
2 2 2 2 2
(e, o, w, eq, eu)lly = lleylly & + cllepllly s + llewllv, i + elleally s + lleullZ2 i)
The norms || - [y x and |- [l j are defined as in (2.2) and the parameter o is a

nonnegative constant that will be arbitrary in the analysis but fixed in the numerical
experiments of Section 7.
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The upper bound for the error (5.1) that we obtain is constructed using upper
bounds on the error between the solution to the discretization (4.1) and auxiliary
variables that we define in what follows. Let (y,p) € V x @ be the solution to

(5 2) "4(975) _8(57 f)) = (f+ﬂ§7£)L2(Q) VS eV,

| B3.0) = 0 Voeq.
We notice that, in view of (4.1), we have that (yo,ps) € V() x Q(7) satisfies
(5.3) { AY7,8) =B pr) +SYz7,pr.ftuz;§) = (F+uz,8)r20

for all £ € V(7) and ¢ € Q(7). Consequently, (¥ »,pz) can be seen as a finite ele-
ment approximation of the solution to (5.2). We thus make the following assumption:

Assumption 1. There exist quantities 7y, and 7, which depend on the discrete
solution and data and are such that

(5.4) Iy =yzllv.o <nyand [Ip = pllg.q0 < 7
Let (W,q§) € V x @ be the solution to
(5.5) Cw,¢)+B(C.4) = (Y7 —Y¥a:Qr2 YCEV,
' Bw,y) = 0 Vie.
We notice that, again in view of (4.1), (Wz,qz) € V() x Q(T) satisfies
(5.6) { Cwz,¢)+B((,47)+2wWz.47,Y7 —¥ai¢) = (Y7 —Ya,¢)r2@):
B(W97¢)+K(W97quyy_yQ7¢) = Oa

for all ¢ € V(7) and ¢ € Q(7), and hence (Wz,qz) corresponds to a finite element
approximation of the solution to (5.5). We thus make the following assumption:

Assumption 2. There exist quantities 7, and 7q which depend on the discrete
solution and data and are such that

(5.7) v — W9|||V,Q < nw and [|q — qme,Q < q-
We introduce the auxiliary control variable
(5.8) u= H[a,b] (—%Wy) .

We define the error between this auxiliary control variable and u o as follows:

1/2
(5.9) My 1= ( Z 773,1() , with ny k= [|0 — Uz || L2(k)-
Keo
We also define
(5.10) €y = 2+ 2uC% + 4(1 + ow)(CS + uCS + 2uc),
(5.11) Cw = 2+ uC3 + 2u(1 + ow)(CH + 2C5),
and
(5.12) Cu =2+ 2uCS + 4(1 + ow)(C3 + 265, + ucl + 2ucht),

with g = 4972 and w = C2(1 + Cet)?.
We now present the analysis through which we obtain an upper bound for the
total error.
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THEOREM 5.1 (global reliability). If Assumptions 1 and 2 hold, then

2
(5.13) ey, eps ew, eq, €u)llg < T2

where

(5.14) T? = &ynp + 20m; + Cwnig + 2005 + Cunli,

and €y, €y and €, are defined by (5.10), (5.11) and (5.12), respectively.

Proof. We proceed in 6 steps.
Step 1. The goal of this step is to control the term ||ey|2(q). We begin with a simple
application of the triangle inequality to write

(5.15) leullZeq) < 2010 — al72q) + 2018 — 0z |72y = 210 — 072 q) + 215,

where it = I, 5] (—$Wz) and 7y is defined as in (5.9).
Let us now bound the first term on the right hand side of (5.15). To accomplish
this task we first observe a key property that the auxiliary control variable u satisfies:

(516) (Wy + 19[], u— ﬁ)LQ(Q) > 0 Yue Uad;

see Lemma 2.26 and Theorem 2.28 in [44]. Set u = 0 in the variational inequality of
(3.7) and u = @ in (5.16). We thus obtain that

(\I_\I+19l_l,ﬁ—ﬁ)L2(Q) ZO, (W9+19l],ﬁ—ﬂ)L2(Q) Z O,

and, consequently, that

(5.17) Ot — )72 < (W =Wz, 0 —0)r2q).

In order to bound the right hand side of (5.17), we first define (y,p) € V x Q as
the solution to

(5 18) A(?,E) _B(Sub) = (f+ﬂ’£)L2(Q) V£ S V,
' B(y,¢) = 0 Ve Q.

In addition, we define (W,q) € V x @ as the solution to

(5.19) Cw,Q)+B(¢,q) = (Y—ya, Q2 YCEV,
' Bw,y) = 0 Ve Q.

Utilizing the states w and w defined as the solutions to (5.5) and (5.19), respectively,
we arrive at

Ot — |72 gy < (W — W, 0 —8) L2(q) + (W — W, 0 — ) L2(q) + (W — W7, 0 — 8) L2 ()
< (W —W, 0 —0)2(0) + 5 |W = Wl|Z2 ) + FlIW — W |T2g) + 50— all72 g
upon using Cauchy—Schwarz and Young’s inequalities. Hence,

(5.20) [[0—172q) < F(W—W,0—0)2(0) + 3 (”W — W([Z2 ) + W — W9H2L2(Q)) '

We proceed to bound (W —w, i — ) 2(q). To accomplish this task, we first notice
that, since (w, @) solves the adjoint problem of the optimality system (3.7) and (W, q)
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solves (5.19), the fact that p — p € @ implies that B(w — w,p — p) = 0. Thus, since
(y,p) and (y, p) solve (3.7) and (5.18), respectively, we arrive at

(U—0,W—W)2q) = Ay —y, W — w).

We now invoke (2.10) and, again, the fact that (w, ) and (w, q) solve (3.7) and (5.19),
respectively, to obtain that

(5.21) (=0, W — W) p2(q) = A — Y. W —W) = C(W— W, §—) = — [y —JIl32 ) <O,

upon noticing that, since (y,p) solves the state equations of the optimality system

(3.7) and (y, p) solves (5.18), the fact that g —q € Q implies that B(y —y,§—q) = 0.
Using the previous estimate in (5.20) we obtain that

(5.22) 18— 6|72y < F W — W|[Z2(g) + 32 W — W |Z2 o).

The control of the second term on the right hand side of (5.22) follows from (2.6)
and Assumption 2:

W — W 7|72 ) < Comi-

We now turn our attention to bounding the term ||w —W||2(q). Applying similar
arguments to the ones that lead to (5.21) we obtain that

(5.23) lw — szlﬂ =C(W—W,W—W)=(y—yg7,W—W)rzq
< Colly =¥z lL2@)lw — Wy o

where we have also used (2.6). Consequently, ||w — W|\i2(m <cHlly-yo- ||2L2(Q)’ upon
using, again, (2.6). It thus suffices to bound [|y — ¥ | z2(q). We proceed as follows:

1Y =Yl 7200 < 20Y = Yll720) +21¥ = Y7l 72(0)-

To control the second term on the right hand side of the previous expression, we
invoke Assumption 1 and (2.6). We thus conclude that

ly — yﬂ”%ﬂ(ﬂ) < C?mf-

To bound the first term, we employ that (y,p) and (y,p) solve (5.2) and (5.18),
respectively. This, on the basis of V- ¢ = 0 and (2.6), yields

15 - ¥13.0=AF - 9.9 —¥) = (@ — 67,9 — ¥)12(0)

(5.24) o o
< Collu —uz|L2)lly —¥lv.a

which allows us to conclude, in view of (5.9) and (2.6), that
ly — S’||2L2(sz) < Céﬂ?&
On the basis of (5.15) and (5.22), we combine our previous findings and arrive at

(5.25) leullZ2 0y < 26Cqm; + uCqme + (24 2uC8) 13,
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where p = 4972,
Step 2. The goal of this step is to bound [ley[y; ,- To accomplish this task, we apply
the triangle inequality and invoke Assumption 1. In fact,

2 - ~ 2 ~ - 2 - ~ 112
(5.26) leyllv o <21y = Ylv o +201¥ = Y7 llv.o < 20y = Yy o + 205

To control the remaining term we employ similar ideas to the ones that lead to (5.24).
These arguments reveal that

a2 _
(5.27) ly - Y|||V,Q <chlu— U3H2L2(Q)v
which combined with (5.25) and (5.26), implies the error estimate
2
(5.28) eyl o <2 (2uCd, + 1) 773 + 2uChma + 203 (2 + 20C%) M-

Step 3. We now bound the term [|ew |y, - To accomplish this task, we use, again,
the triangle inequality and Assumption 2 to obtain that

2 o
(5.29) lewllv o < 2w — w5 o + 215

To bound |jw — vAv|||3, o we invoke the optimality system (3.7) and (5.5). In fact, the
arguments that allow us to obtain (5.23) immediately yield

W — Wil ¢ = C(W — Vo, W — W) = (¥ =y 7, W — W) 20
<y = Yzllr2)llw — Wl L2 (o)
upon using a Cauchy—Schwarz inequality. In view of (2.6), we conclude that
(5.30) W = Wiy o < Colly = Y7 Iv 0
which, combined with the estimates (5.28) and (5.29), yields
(5:31)  llewlly o < 4C8 (2uC + 1) 15 + 2 (2uCf + 1) my, + 4C, (2 + 21C5,) .

Step 4. We now bound ||, o, We start with a simple application of the triangle
inequality and Assumption 1:

2 = A2 ~ — 2 = A2
leall 0 < 2B = Bl + 208 — P75 < 205 = PllG o + 2155

we recall that (y,p) solves (5.2). To control the first term on the right hand side of
the previous expression, we utilize the inf-sup condition (2.15):

_ ~ B Su F_) - f)
(5.32) Ip—pllgq <Ce sup SloP=P)
eeviioy  l€llv g

Since (y,p) and (y, p) solve (3.7) and (5.2), respectively, we conclude that
B(&a p— FA)) = A(y - 955) - (ﬁ - ﬁﬁvé)L2(Q)
< (Caly = Sllv.0 + Colld = Gl ) IEllv.or

upon using (2.6) and (2.12). In view of (5.27) we thus arrive at

B(&p —p) < Ca(l + Co)ll0 — 07 L2() l€llv o
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This and (5.32) imply that ||p — [A)|||Q7Q < CisCa(l + Cet)|ju — L_IgHLz(Q). Thus,
2 o
(5.33) lepl, g < 2C = 8722 ) + 272,
where w = CZ(1 + Cct)?. We conclude the estimate for |||ep|||z2 o by invoking (5.25):

2
(5.34) leolly o S4uwCng + 2uwCqg + 2wCh (2 + 2uC) ng + 21 -

Step 5. We bound [leqf|, o,- Similar arguments to the ones employed in the previous
step yield
2 a2 ~ 2 "
lealley.0 < 2ld = allg o + 218 = Gz llg.0 < 2ld - dllg.q + 20

and

o Y—=Y7:C)r2) — C(w—w,()
la—dllgq<Cs sup
@0 ¢cev\{o} |||C|||V,Q

< G (CAlY ~ Yrllv o + Caal — Wl )

We finally use (5.30), and conclude that [|g —¢flg o < CisC3 (1 + Cet) ly — Yollv.a:
and then that

2 o o2
(5.35) lealley. < 2wCAHIY = ¥ 7 llv o + 205,
where, we recall that, w = C2(1 + C¢)?. Consequently,
(5.36)  lleq |||§m < 4wCh (26C8 + 1) g + 4uwChg, + 4wCh (2 + 2uC) ng + 203,
Step 6. Combining (5.25), (5.28), (5.31), (5.34) and (5.36) allows us to arrive at
(5.13). O

It is important in a posteriori error analysis to have an upper bound for the error
that is in terms of local error indicators. Such a bound follows from Theorem 5.1
under the following two assumptions.

Assumption 3. There exist quantities ny i and 7, x that depend on the discrete
solution and data and are such that

L2 A 2
(5.37) Iy -Y7lva < D wx and [p=prlloe< D mx
KeZ Keg

Assumption 4. There exist quantities 7w, x and 7q,x that depend on the discrete
solution and data and are such that

L 2 A= 2
(5.38) lw — W9|||V,Q < Z 773/,1( and ||q — Q9|||Q,Q < Z 77§,K-
Keo KeT

THEOREM 5.2 (global reliability). If Assumptions 8 and 4 hold, then

2
(5.39) l(ey. ep. ewreq,€u)lle < D Tk
KeT
where
(5.40) T = &y k + 20m5 k + Cutl k + 2075 k& + Cully ks

and €y, €, and €, are defined by (5.10), (5.11) and (5.12), respectively.
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Proof. In view of Assumptions 3 and 4, the proof follows from a simple appli-
cation of the result of Theorem 5.1. a

Remark 5.3 (Assumptions 1-4). Assumptions 3 and 4 are at the heart of a
posteriori error analysis [3, 36, 46]. They guarantee the existence of local quantities
Ny, K, Mp,K» Tw,K» and 7q i that satisfy the estimates (5.37) and (5.38). This allows
us to derive the a posteriori error estimate (5.39) which gives an upper bound for
the error that is in terms of the local quantities T x. The quantities that are defined
by (5.40) provide information beyond asymptotics and can be used to adaptively
refine the underlying mesh. Although it may seems that, in view of Assumptions
3 and 4, the weaker Assumptions 1 and 2 are superfluous, there are a posteriori
error estimators, such as the one developed in [1], which are such that the bounds in
(5.4) and (5.7) are tighter than the ones in (5.37) and (5.38); see [1, Theorem 5.4].
Consequently, the upper bound in (5.13) that is in terms of Y, defined as in (5.14),
is tighter than the upper bound that is in terms of Y. In such a setting, if the
quantity T is computable, it would be preferable to use T as a stopping criterion in
an adaptive algorithm.

Theorem 5.2 can be used to obtain guaranteed upper bounds on the error if the
value of a [ satisfying (2.14) is known and the quantities 1y k', 7p. k', Tw,x and 1q x
are computable. If this is not the case then Theorem 5.2 can still be used to arrive at
an a posteriori error estimator under the following assumption.

Assumption 5. There exist computable quantities 7y r, 7p k', Tw,x and 7q K
which are such that 0y k < 7y k) Mok S Tp. K> Tw,K S Tw,x and g x S 7jq,x for all
Ke7.

COROLLARY 5.4 (global reliability). If Assumptions 3, 4 and 5 hold, then

(5.41) |||(ey7ep7 €w; €q; eu)"l?} S Y= Z T%(
Keo
where
(5.42) T 1= 1y 1 + 7o s + T, + i + Tl ic-
Proof. Upon invoking Assumptions 3, 4 and 5, the estimate (5.41) is a conse-
quence of Theorem 5.2. a

Remark 5.5 (Assumptions 5). The upper bounds that feature in the estimates
of Assumptions 3 and 4 may not be computable. In fact, in the literature there
are several a posteriori error estimates where the upper bound cannot be computed
because of the presence of unknown constants; see, for instance, [2, 9, 43, 45, 47]. In
order to include this type of a posteriori error estimate in our analysis, we consider As-
sumption 5, which guarantees that the upper bounds that feature in Assumptions
3 and 4 can be bounded by constants, whose value may not be known, multiplied by
computable quantities. Note that these constants are equal to 1 if the upper bounds
in Assumptions 3 and 4 are computable.

5.2. Efficiency analysis. In this section we prove the local efficiency of the a
posteriori error indicators Tx and T defined by (5.40) and (5.42), respectively. In
what follows we will assume that Assumptions 3, 4 and 5 are satisfied and that
¢ # 0. In addition, we make two further assumptions. To state them, we first define,
for nonnegative integers [, the discrete space

(5.43) P(T)={veL?(Q): vg e P(K) forall K € T}.
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Our first additional assumption reads as follows:
Assumption 6. The spaces V(.7) and Q(7) and the set U,q(.7) are such that
e V(7)=VNP,,(7) for some positive integer lv,
e Q(7) = QNP (.7) for some nonnegative integer g or Q(7) = QNP (F)N
H'() for some positive integer g,
e Uyi(T) = Uyg NP, () for some nonnegative integer ly or Uguq(T) =
U,a NP, (7) N HY(Q) for some positive integer Iy.
For K € .7, we define the following residuals and oscillation terms:

(5.44) R = Hg () + 0z x +eAY 71 — M m((€ V)Y 7 1x) = KY 71k — VP7|K
(5.45) 'Rf;((j = yglK—HK)m(yQ)+€AW9|K+HK7m((C . V) Wg‘K)—K\Klgu(—f—V(_]g‘K,

(5.46) oscy :=f — Tk n(f) = ((c- V)Y 7 x = Mrm((c- V) Yz k),
and
(5.47) 0sc¥ := —(yq — Hg.m(yq)) + ((c- V) Wo ik —Hrm((c- V)W k),

where m = max {lv,lg — 1,lu}. We recall that the operator Ilx ., is defined as in
(2.3), and notice that, in view of the choice of m, we have the following invariance
property: T, (R5) = RS and Mk, (R3) = R, For y € F, we define

(548)  [RI]:= > RIg with Ry :=—c(nl V)yzx+prxnt,
KeQ,

and

(549)  [R]:= ) Rk with Ry :=—c(nf V) Wox —qzxnk.
KeQ,

We now state our final assumption.
Assumption 7. For all K € .7, the computable quantities 7y, x, 7p, k', Tw, Kk, and
7lq,K» introduced in Assumption 5, are such that

Y% SIV- Yol te) + IV - Wl Fag) + Z h% (||R5t'||2L2(K/) + ||Rad/||2L2(K/))

K'E'?AK
+ > b (IRST ey + MR
VEﬁK
(5.50) + Z h% (||osc§t<,|\2Lz(K,)+||osc§?,||2Lg(K,)) + o K
K'Gyék

where I C 7 and Fx C FI.

Under Assumptions 3, 4, 5, 6 and 7 we present an efficiency analysis. We start
by noting that, since T < Tg, we only need to bound terms that appear on the
right hand side of (5.50).
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We first invoke integration by parts and (3.1) to conclude that

Z (R%>€)r2(x) + Z (IR, €) L2

Keo YEFT

=A(ey. &) + B(&. &) — (ew, &) r2(0) — Z (OSCSItO{)LQ(K) VEeV.

KeT

We now apply standard bubble function arguments [3, 46] to this equation to obtain

— 2 2
(5:51) IR S hi? (el i + ellenly i) + lleull3zqic) + losci 2 s

for K € .7, and that, for v € Fy,

_ 2 2
IRy S Y (hit (el s + olleplly 1)
K'eQ,

(5.52) + hicr (lewl3aqren + lloscia 132 ) )

On the other hand, using (3.5) and, again, integration by parts we obtain that

Z (R, &) r2x) + Z (IR, )2y

Keo YEFT

=C(ew, &) — B(§,eq) — (ey,&)2() — Z (osc3, &) o) VEEV.
Keo

Applying standard bubble function arguments, again, to this equation yields
d — 2 2 d
(5:53)  IR¥ 13200, S i (Newll¥ i + elleallly 1) + eyl + llosek I3z )

for K € 7, and, for v € Fy,

d — 2 2
RNy S D (it (lewly e + ellealy i)
K'eQ,

(5.54) + hicr (lleyl3e e + loscii 22 ) )-

We now proceed to bound the terms ||V -y 7|72 and [|[V - Wz |2 g in (5.50).
To accomplish this task, we notice that V- & € @ for afl & € V. Then, it follows from
the second equation of (3.7) that V -y = 0, and thus that

_ 2
(5.55) IV Y7l Z20) = IV - eylZ2x) < lleylly -
Similarly, it follows from the fourth equation of (3.7) that
_ 2
(5.56) IV - W l[fa) = IV - ewlliz) < llewly -
We conclude with an estimate for the term 7, x defined by (5.9):

T, K < ||eUHL2(K) + HH[a,b](_%W) - H[a,b](_%W9)HL2(K) < ||eUHL2(K) + %”eW”LQ(K)
upon invoking the triangle inequality, (3.8), and (3.9). Hence,

2
(5.57) Mok S lleallze ) + lewllZe -

The following theorem then follows upon combining (5.50)—(5.57).
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THEOREM 5.6 (local efficiency). If o # 0 and Assumptions 3, 4, 5, 6 and 7
hold, then

T3 S T3 lewlloe + 3 (m(ey,ep,ew,eq,emni,
K/EQK

s (Tl + ey e+ losci ey + losci ) )

with QK = ﬁ}( U U Q’Y'
veFK
The following corollary follows upon using (2.6) and the fact that Q is bounded.

COROLLARY 5.7 (global efficiency). If o # 0 and Assumptions 3, 4, 5, 6 and
7 hold, then

v 2
> Tk S T2 S ey, eprewreq,eullfy + D b (lloset I3 ) + llosei 32 xc) ) -
Keo Keo

6. A particular example. Henceforth, we shall consider a particular case of
the approximation scheme (4.1). We set V(.7) = VNP(T), Q(T) = QNPy(T),
Uni(T) =Uua NPy(T),

(6.1) SWY7.p7 f+uzi€) =Y Sk(¥s.p7. f+us:E),
KeT

(62) H(y.??[_)yaf—’—ﬁg?(b) :T’Y Z hV ([59]7[¢])L2(7)7

YEFI

Keo

and

(6.4) KWz,q7,¥Y7 —Ya;¥) = —Ty Z hy (laz], [w])m(v) )

YEFI
where

Sk(Yz,p7,f+u7:8) =Tr((c-V)Y7 + Y7 — (F+Uz),(c-V)E) L2 k),

Ok(Wz,0q7,Y7 —¥0;¢) = Tk((c- V)Wg — kW7 + Y5 — Yo, (€ V) ) r2(k)

and [v] denotes the jumps in v. The stabilization parameters 7., and 7x are such that
7, > 0and 0 < 7x < h%. Note that these choices correspond to solving the state
equations using a particular case of the method given by [38, equation (3.6)] and are
such that Assumption 6 is satisfied.

We note that alternative methods for solving the state equations can be found in
[17] but we restrict our attention to the method described above in order to simplify

the presentation.
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6.1. Fully computable a posteriori error estimators. In this section we
obtain a posteriori error estimators that satisfy the assumptions of Section 5 and are
fully computable if the value of a § satisfying (2.14) is known. We first define some
quantities that we will make use of.

For ¢ = st and ¢ = ad, let the equilibrated fluxes ng)K € Py ()¢ be such that

(6.5) giK—l—gfy)K,:O, if"yE}—Kﬂ‘FK/,K,K/Gg,K#K/,

(F+uz, N2k —e(Vyg, VA)E(K) — (kY7 +(c-V)¥7,N)L2(k)
+(F_397 V- A)[/2(1() - SK(Y?; ﬁyaf +ugz; A) + Z (g?ytj(a A)LQ(')/): 0
VEFK
for all A € P1(K)? and all K € P,
(yg — yQu)‘)Lz(K) — E(VW?, VA)EN‘,Q(K) — (IiWy - (C . V) Wy,)\)Lz(K)
@7,V A2y — Qxk(Wz,q7,Y7 — Ya; A) + Z (3% N r2(y)=0
yEFK
for all A € P1(K)? and all K € P, and
66) Y helgs x+ R kliz S Y. PElIRW N0+ D hll[RTZ2 )
YEFK K'e€Jxk yE€FK

for all K € P, where

ﬁK:{Kléyl VKﬂVK/7£®} and ]:—K: U{")/G]:jl VVHVV/;A(ZJ}

yEFK

with Vg denoting the set containing the vertices of element K and V., denoting the
set containing the vertices of the edge/face v. For information that will help with the
construction of such g, , we refer the reader to [3, Chapter 6] and [5, 6].

For ¢ = st and ¢ = ad, we also define o} € Py(K)?*? to be such that

—diveoj = R in K,
oxnt =g5 x + RS g onn, Ve Fg,
and ||0'§(||£2(K) is minimized. We note that the g° , are such that the data in the

above problem are compatible in the sense that o}, exists. Moreover, for all K € .7,

(6.7) (U%vvﬁ)g(x) = (R &) 2 (k) + Z (95 k TRk €)L2(yy VEEV

yEFK
and
(6.8) losellZe i) S B RS 12200y + D hiellgh i + RS e lge o)
= yEFK

For information on the construction of such o} we refer the reader to [4, 5].
Finally, for ¢ = st and ¢ = ad, we define

1
(6.9) Uok = ﬁl\afxl\g(m + Crellosci [l L2 (x)-

We thus have the following result.
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THEOREM 6.1. Assumption 3 holds with

(6.10) My =35 ¢ +CL (14262 IV - Y7172
and
(6.11) e x = 2C ((1 +3C%) U2k +Cick (142¢%) IV - mizm) :

Moreover, Assumption 1 holds with

1/2 1/2
(6.12) Ny = (Z 775,K> and 1, = (Z 77r2),K> .

KeP KeP

Proof. Let E, € V be the solution to
(6.13) e(VEy, V&) 2o + w(Ey, &)r2(0) = AV —¥7.&) —B(§p—p7) VEEV.
Letting ¢ = p — p in (2.15) yields that

~ _ B 57 ﬁ - [33
Ip—pPzllgn <Cs sup ( )
eeviioy  l€llv o

To control the right-hand side of the previous estimate we use (6.13) and obtain that
B&p—p7) =AY —¥7,&) —(VEy, V&) L2(0) — i(Ey, §)r2(0)
<Cally —yzllvolléllv.o + 1 Eyllv ollélv

upon using (2.12). Hence,

(6.14) 16— prlg.0 < Cis (IBylly o+ Caly ~ Yrllv ) -

We now estimate ||y — ¥ [ly; o- Since p — ps € @, by using the second equation
of (5.2) we have that

By-yY7:p—p7)=-By7.p—p7) < IV -¥Yzl2@llp —pzllgq
Thus, by using the previous estimate and letting £ =y — y 5 in (6.13), we arrive at
ly — yﬂ”ﬁ/,sz =¢(VEy,V(y - 99))5(9) +K(Ey,¥y = Yo)L2@) +BY ~Y7,p—P7)
<IEylly olly =¥zllvo +1IV-Yzlrz@lle =Pzl o-
This, in view of (6.14), then yields that
~ — 2 —
Iy =yzllva <CsllV-yallzolEyly o
+ (IBylly o + CCallV -7 20 ) 19 = Y7 by g
c2 - 2
< FIV- 3711 + 31BN o

2
_ ~ — 2
+3 (IBylly o + CeCall V-7l + 315 = 9713 0
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from which it follows that
2
A~ 2 - 2 <
19 =910 < GV 35130y + 1B + (1Bylly g + CiCal V5.l 2o
Hence, upon observing that
2
_ 2 _
(1B, by o+ CuCall V- 7 l2(ey) < 2UBy 1Y + 2CRCEIV -7 20,
we can arrive at
L2 2 <
(6.15) 1y =70 < 31Bylly o + € (14 2€3) IV - Y7 120
Furthermore, (6.14) allows us to conclude that
L 2 2 c o 2
1 — 7 Iy < 262 (Bl 0 + CRIY ~ Y7130 -
Applying (6.15) then yields that
A= 2 2 .
(6.16) I~ prl? 0 < 262 ((1+362) 1By IS o + CAe (14 2G3) IV -y 32y ) -

Now, letting £ = Ey in (6.13) yields that

|||Ey|||%/,g -A(y - y?a Ey) - B(Eya f) - ﬁﬂ)

= Z (R, Ey)p2(x) + Z (95 k + R k. Ey) 12(y) + (0s¢%, Ey) 12k
Keo YyEFK
by (5.2), integration by parts, (5.44), (5.46), (5.48) and (6.5). Applying (6.7) and
(2.3) then yields that

2
IEylv o = Z ((a?{, VEy)y(K) + (osck, By — HK,O(Ey))LQ(K)>
Keo

1/2
< (Z Wi,x) IEylly ¢

KeT

by the Cauchy—Schwarz inequality and (2.4). Consequently,

2
(6.17) 1By 0 < D ik

Keo
The theorem then follows upon combining (6.15), (6.16) and (6.17). O

We note that the above theorem is an improvement and adaptation to the case
considered in this section of the results from [5]. The below theorem can be proved
similarly to how the above theorem was proved.

THEOREM 6.2. Assumption 4 holds with

(6.18) 773/,1( = 3‘I’§d,K +Ch(1+2¢2) V- V_VﬂH%?(K)
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and
(6.19) s = 263 ((1+302) Wy g + CACE (14 262) IV - Wl ) )
Moreover, Assumption 2 holds with

1/2 1/2
(6.20) w = (Z 77\,2\,,1() and nq = (Z 77q2,K> .

KeP KeP

We note that, if the value of a 8 satisfying (2.14) is known, then Assumption 5
holds with 7y x = 1y, K, Tlp, K = NMp. K> Tw, K = Nw,k and 7jq k = 7q,x. Furthermore, by
(6.6) and (6.8) we have that

Ny + ok SIV-Yolliz + Z hK”[[RﬂWm(y)

veFK
(6.21) + ) bk (H Sft</|\2L2(K/)+||°5C§t</|\2L2(K/))
K'eJx
and
ek i SIV - W72 5y + Z hK”[[Rfyd]]”QLz(y)
veFK
(6.22) + 2 i (IR ey + loseRi 3 )

K'eJk

from which it follows that Assumption 7 is also satisfied. We note that it also
follows that

~ — 2 A — 2 = 5
Iy —y7lv o0+ 1p—prllg0 S (IV-MII%2<K>+ > hxlllRY2
Keo YyEFK

(6.23) 1 (IRE ) + ok 1) )

and

~ _ 2 ~ — 2 _ a
W —walyo+ld—arlgeS D <|V-W9|%2(K> + 3 e[RRIz
Keo YEFK

(6:24) 1 (IR )+ ok ) )

6.2. Residual-based a posteriori error estimators. From (6.23) and (6.24)
the following result follows.

THEOREM 6.3. Let

iy i = Tox =NV Y7l 720r) + Z hic[TRITN L2
yEFK

(6.25) + e (IR ey + llosei s )
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ok = o =IV - Wrll7zi0) + > hll[RZF20
yeEFK

d d
(6.26) + he (IR e i) + 105k 1)) -
ny,x = Cly. i, Mo,k = Cllp ks Mw, ik = Clw, k5 Mg,k = Cllg K¢,

W=Tp= D Tox= D Thi: Tw=Ta= Y, Nax= D Tai

Keo Keo Keo Keo

and Tx = Fr = {K}, where C is a positive constant that is independent of the size
of the elements in the mesh. Then Assumptions 1, 2, 3, 4, 5 and 7 hold.

7. Numerical examples. We conduct a series of numerical examples that il-
lustrate the performance of the devised a posteriori error estimators. These have
been carried out with the help of a code that we implemented using C++. All matri-
ces have been assembled exactly and the global linear systems were solved using the
multifrontal massively parallel sparse direct solver (MUMPS) [7, 8].

For a given partition 7 we seek (Yo, p7,Wz,qz,U0z) € V(T)xQ(T)xV(T)x
Q(7) X Uga(7) that solves the discrete optimality system (4.1) using the approx-
imation method described in Section 6 with 7 = h%f forall K € J and 7y =1
for all v € Fr. We considered ¥ = 1 and ¢ = 1. The number of degrees of freedom
Ndof = 2dN,, + (d + 2)N,, where N, is the number of vertices in the mesh and N, is
the number of elements in the mesh.

We solve the ensuing nonlinear system of equations using a Newton-type primal-
dual active set strategy [44, §2.12.4]; see also [27]. Once a discrete solution is obtained,
we calculate the local error indicators, in order to drive an adaptive mesh refinement
procedure, and the global error estimator, in order to assess the accuracy of the
approximation. The particular global error estimator and local error indicators that
we use depends on the dimension d of the domain as follows:

e when d = 2, we compute T from Theorem 5.1 and Y from Theorem 5.2,
with the aid of Theorems 6.1 and 6.2;
e when d = 3, we compute T and Tx from Corollary 5.4, with the aid of
Theorem 6.3.
These local error indicators are used to drive the adaptive procedures described in
Algorithms 7.1 and 7.2.

Algorithm 7.1 Adaptive Primal-Dual Active Set Algorithm for d = 2.
Input: An initial mesh J and data 9, a, b, €, c, &, y and f.

1: Compute (Y5,ps,Woz,qz,uz) that solves (4.1) using the active set strategy of
[44, §2.12.4].

2: With the aid of Theorems 6.1 and 6.2, compute the local error indicators Y,
given in Theorem 5.2, for each K € 7, and the error estimator Y, given in
Theorem 5.1.

3: Mark an element K € .7 for refinement if Y% > N, Z 1%,

K'eg
4: Refine the mesh .7 using a longest edge bisection algorithm and return to step 1.

7.1. Two dimensional examples. We perform two dimensional examples on
polygonal domains for which the value of a § satisfying (2.14) is known. To accomplish
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Algorithm 7.2 Adaptive Primal-Dual Active Set Algorithm for d = 3.
Input: An initial mesh & and data ¢, a, b, €, ¢, &, yg and f.

1: Compute (Y4,ps,Ws,qz,us) that solves (4.1) using the active set strategy of
[44, §2.12.4].
2. With the aid of Theorem 6.3, compute the local error indicators Y, for each
K € 7, and the error estimator T, given in Corollary 5.4.
3: Mark an element K € .7 for refinement if Y2 > N, Z T2,
K'eg
4: Refine the mesh .7 using a longest edge bisection algorithm and return to step 1.

this task we used the adaptive procedure described in Algorithm 7.1. We note that
the involved estimator T provides a guaranteed upper bound on [|(ey, ey, €w,eq, €u)|| -
A sequence of adaptively refined meshes was generated from the initial meshes shown
in Figure 7.1.

Fig. 7.1: The initial meshes used for Examples 7.1, 7.2, 7.3 and 7.4.

Ezample 7.1. We consider the square domain Q = (0,1)2. From [41] we have
that (2.14) holds with 8 = sin(7/8). We took ¢ = 1, c(z1,22) = (22, —x1), kK = 1,
a=(-0.5,-0.5) and b = (0.5,0.5). The data f and y, were chosen to be such that

y(21,22) = curl ((z1(1 — 21)22(1 — 22))?),  p(z1,22) = cos(2may) cos(2ma2),

w(z1, 22) = curl ((sin(27z;) sin(2722))?) ,  q(21,z2) = sin(27z;) sin(2722).

The results are shown in Figures 7.2 and 7.3. We observe that the estimator Y and
the error ||(ey, ey, ew, eq, €u) ||, are decreasing at the optimal rate.

Ezample 7.2. We consider the triangular domain Q = {(z1,22) : 1 > 0,29 >
0,21 + 22 < 1}. From [41] we have that (2.14) holds with 5 = sin(w/16). We took
e =0.01, c = (0,0), Kk =1, a = (0,0) and b = (0.1,0.1). The data f and y were
chosen to be such that

—100z;) — —100
y(z1,72) = curl (ww%(l — 21 — x)? (1 -z — exp( 1 _:(L(_Tg%() )>) ,
p(z1,x2) = cos(2mz2)/1024,

exp(—100x2) — exp(—100)
B 1 — exp(—100) ))

w(x1,z2) = curl <x§x2(1 — 1 — 29)? <1 — 29

and
q(x1,x2) = cos(2mxy)/1024.
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- l!"(ey. €p, €w; g, €u) [l
- - = - Ndof~1/2

Fig. 7.2: Example 7.1: The error ||(ey, €y, €w, €q, €u) ||, and estimator T (left) and the
16th adaptively refined mesh (right).

The results are shown in Figures 7.4 and 7.5. We observe that, once the mesh has
been sufficiently refined, the error ||(ey, ep, ew, eq,€u)||, and the estimator Y decrease
at the optimal rate. We also observe that more refinement has been performed in the
regions where the solution has boundary layers.

Example 7.3. We consider the L-shaped domain Q = (—1,1)2\ ([0,1) x (—1,0]).
From [41] we have that (2.14) holds with 8 = 0.1601. We took ¢ = 1, ¢ = (0,0),
k =10,a=(0,0),b=(1,1),f=(1,1) and yo(z1,22) = (22,—21). The results
are shown in Figures 7.6 and 7.7. We observe that the estimator T decreases at
the optimal rate and that more refinement is being performed in regions close to
the reentrant corner. The true solution to this problem is unknown and hence we
cannot compute [|(ey,ep, ew,eq,eu)|l,- However, from Theorem 5.1 we know that

lI(ey, ep, ew, eq,€u)ll, <

Example 7.4. We considered the same problem as in the previous example with
the exception that we took the domain to be the T-shaped domain Q = ((—1.5,1.5) X
(0,1)) U ((—=0.5,0.5) x (—2,0]) on which we have that (2.14) holds with 8 = 0.1076
from [41]. The results are shown in Figures 7.8 and 7.9. Similar observations to those
made about the previous example can be made.

7.2. Three dimensional examples. Unfortunately, we are not aware of any
polyhedral domains for which the value of a /3 satisfying (2.14) is known. Hence, when
the domain is three dimensional, the estimator Y from Theorem 5.1 and the local error
indicators Y from Theorem 5.2 are not computable. Consequently, we performed
numerical examples by following the adaptive procedure described in Algorithm 7.2.
A sequence of adaptively refined meshes was generated from the initial meshes shown
in Figure 7.10. We note that we have not proved that the estimator T provides a
guaranteed upper bound on [/(ey,ep, ew,eq, €u)l,- However, from Theorem 5.4 we

know that ||(ey,ep, ew, eq,€u)ll S Y.

Ezample 7.5. We consider the cuboidal domain ©Q = (0, ) We took ¢ = 1,
c(z1,22,23) = (x2 — x3, 23 — 1,21 — X2), K = 1, a = (—=0.5,-0.5,—-0.5) and b =
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- l!"(ey. €p, €w; g, €u) [l
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10° 10° 10" 10° 10°
Ndof

Fig. 7.4: Example 7.2: The error ||(ey, ey, €w, €q, €u) ||, and estimator T (left) and the
16th adaptively refined mesh (right).

(0.5,0.5,0.5). The data f and y, were chosen to be such that
y(21, 22, 3) = curl ((z1(1 — z1)22(1 — z2)zs(1 — x3))?) , p(a1, 32, 23) = cos(2mas),

W(z1, 22, 23) = curl ((sin(272y) sin(27z2) sin(27z3))?) , (21, 22, 73) = sin(2mas).
The results are shown in Figures 7.11 and 7.12. We observe that the estimator T and

the error ||(ey, ey, €w, €q, €u) ||, are decreasing at the optimal rate.

Ezample 7.6. We consider the tetrahedral domain Q = {(z1, 22, 23) : 1 > 0,22 >
0,23 > 0,21 + 22 + x5 < 1}. We took ¢ = 0.01, c = (1,1,1), k =0, a = (0,0,0) and
b =(0.1,0.1,0.1). The data f and y were chosen to be such that

exp(—100x1) — exp(—100)
B 1 — exp(—100) )) ’

y(z1,22,23) = curl (:vlzvgx (1 —

p(z1,22,73) = (cos(2mzs) — 3/(27%)) /1024,

exp(—100x2) — exp(—100)
B 1 — exp(—100) )) ’

w(z1,22,23) = curl (:Efxgx (1 — 9

and

g(x1,x2,x3) = (sin(2wzs) — 3/(2m)) /1024,
where y = x%(l—xl —xg—x3)2. The results are shown in Figures 7.13 and 7.14. We ob-
serve that, once the mesh has been sufficiently refined, the error [|(ey, ey, ew, eq, €u)|lq

and the estimator T decrease at the optimal rate. We also observe that more refine-
ment has been performed in the regions where the solution has boundary layers.
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Fig. 7.10: Exterior views of the initial meshes used for Examples 7.5 and 7.6.
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Fig. 7.11: Example 7.5: The error ||(ey, ey, €w, €q, €u)||, and estimator T (left) and an

exterior view of the 16th adaptively refined mesh (right).
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Fig. 7.14: Example 7.6: Slices at x3 = 0.25 of the first (left), second (middle) and
third (right) entries of y » (top), w (second row) and tz (third row), as well as po
(bottom left) and g (bottom right), obtained on the final adaptively refined mesh.
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